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INTRODUCTION ponen

The congestion problem can be solved by using ITS (Intelligent Transport System). ITS is a
system to control a traffic was done through information technology where the data was
collected directly from the field using sensor. In this study we will discuss about the
methods that we used to process the traffic data into a road traffic density information.
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OBJECTIVE

Yolo V3 Collect some data from sensor and extract them to get some
’ information. This information can be used to manage the traffic and
reduce the congestion.
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EXPECTED RESULT

Compare to traditional model (background subtraction method)
we expect:

-Improve the detection speed by 10%

-Improve the object detection accuracy by 5%
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