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Recommender systems have become an important role for the industry to give personalized recommendations for the users.
Recommendations can be given by utilizing explicit or implicit feedback from the users. With the increase in real world data, the
implementation of recommender systems began to develop from using only simple applications (such as using content information
or matrix factorization) to building recommender systems with the help of Al. In this poster, you will get the knowledge about simple
application of recommender systems and state-of-the-art research in recommender systems domain.

CONTENT-BASED VS
COLLABORATIVE

Collaborative filtering focusing more on user-
item interaction while Content-based filtering
focusing more on the attribute of the items to
give recommendations.

STATE-OF-THE-ART

HitoryFeature. —» [ASSBNEPIORERY] Attention mechanism can

User History Encoding .
COLLABORATIVE FILTERING CONTENT-BASED FILTERING TR be used in recommender
Semantic Feature —» costure :
£ Lo systems to choose the
Seen by both users le] .
Seen by user Static Feature . - o o /mporthCe Of ‘ eQCh
L 4 - X Duter ) features between different
il // \\ roduct .
N [o[ofol-[:]o}> saticFeature — users. The use of attention
. Similar users . . Item ID Encoding Feature Interaction .
< > Similrtems S watr mechanism can  make
[ [ ) [ ) semrcrenre — p’ ;
UserA & A s \ A recommender systems give
E5 s o [[o]> Historyreare —w AdEPINErORERY /' o more personalized recom-
Seen by user A, recommended to user B Recommended to user item History Encoding | | | | mendations to each users.
Inputting Layer | Embedding | Attention | Fusing | Deep Interaction | Prediction
| Layer | Layer | layer | Layer | Layer

OTHER APPLICATIONS

Hybrid recommender systems

Most of recommender systems i
have data sparsity problem, Step 2: Rating Prediction

The hybrid method can also be implemented especially in e-commerce that
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For example, recommender systems below
use season Iinformation in addition to user-
item interactions.
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